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Abstract: Caching popular video into user-side in advance improves the user experience and reduces operator costs,
which is a common practice in the industry. How to effectively predict the popularity of videos has become a hot is-
sue in the industry. On account of the shortcomings of traditional prediction algorithms such as poor nonlinear map-
ping ability, low prediction accuracy and weak adaptability, a video popularity prediction algorithm based on a neural
network and Markov combined model (Mar-BiLSTM) was proposed. Information dependencies were preserved by

constructing bidirectional memory network model (bi-directional long short-term memory, BiILSTM), the prediction
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accuracy of the model was further improved by using Markov properties while avoiding the increase of the complex-

ity of the model caused by the introduction of external variables. Experimental results show that compared with tradi-

tional time series and classic neural network algorithms, the proposed algorithm improves predicting accuracy, effec-

tiveness and reduces the amount of calculation.

Key words: popularity prediction, content caching, BILSTM network, Markov
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